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METHODS & TOOLS USED For last few base periods Block Time Hit Rate was a major concern in Operational

performance. | did further analysis on it.
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In the process of helping different internal teams familiarize themselves with the latest in the Teradata database were combined in Alteryx. For BTHR, | combined weather T s st
technology and explore forecasting techniques for some of the business problems, | was patterns, itineraries, Federal Aviation Administration, and location tracking info. - R i;:mz?zmm:mm
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Compliance, Departure Performance, Originator DO, and finding ways to improve our MICE (Multivariate Imputation via Chained Equations) package in R. Then | filtered on the

On-Time Performance using existing historical and flight schedule data to identify the relevant influencing factors using subject knowledge and correlation analysis. Observations:

e (Qutliers validation is must as several outliers dates are not factored in available
 Merger with AirTran brought a shock to the network and dynamics changed for several
stations e.g. ATL

factors that influence it. : : :
actors tha Hehnce Selecting and fine-tuning the model:

 For the KPI analysis | mostly used multivariate multiple regression. | also used counted
regression (Poisson regression) model for getting station level delay events and swaps

PROJECT RESULTS prediction since a logistic regression does not provide us the magnitude. And presented my * Data limitations e.g. runway capacity available for only 68 SWA stations
findings to senior executives. Other Important Work:

* Built a forecasting model that would predict various KPI with ~80% variability Results: Visualization (Tableau) Data Blending (Alteryx) Complex SQL (Teradata)
explained by applying predictive analytics on combined data from Teradata, weather As shown, the predictions were quite accurate with very small MAD score (less deviation). B T e S
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The model was tested for 3 years of data and the average MAD score was less than T m
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* Performed text mining on incoming customer tweets and survey results to detect
trouble routes and stations. Even VP of Operation Strategy appreciated this project G et
* Analyzed flight records to detect operational anomaly at station level and potentially
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New Mean Absolute Deviation = 3.1%
Baseline V2.0 MAD =37%

 Generated Alteryx and Tableau automated interactive visualizations for monthly I, } =
meetings with senior executives including VP and SWA directors = o aovbebH In conclusion, | really appreciate the opportunity to work at Southwest Airlines and this is
m ot . \\ - R a very worthy and valuable experience on my career path. The kind of freedom | was
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INTERNSHIP OBJECTIVES I Deparur Pertormance o skills into real life business problems and to some extent add value to the current team
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